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Artificial Intelligence (AI)

• Deep learning

• Supervised

• Unsupervised

• Content Extraction

• Classification

• Machine Translation

• Question Answering

• Text Generation

• Image Recognition

• Machine Vision

• Speech to Text

• Text to Speech
• Reinforced

Machine
Learning

Natural
Language 

Processing
Vision Speech Robotics
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¿Inteligencia 
artificial?

Visión Escucha Compresión 
de textos

Movimiento Razonamiento

Notas del ponente
Notas de la presentación
ILLUS



AC / DC



Cathy O’Neil -
The truth about 
algorithms

Notas del ponente
Notas de la presentación
Cathy O’Neil - The truth about algorithms

https://www.youtube.com/watch?v=heQzqX35c9A&t=16s
https://www.youtube.com/watch?v=heQzqX35c9A&t=16s


https://algorithmwatch.org/en/


http://algorithmtips.org/


https://ainowinstitute.org/litigatingalgorithms-2019-us.pdf


https://www.muckrock.com/foi/list/?q=algorithm


Políticas Públicas

• Monitoreo de algoritmos

• Derechos Humanos

• AIP

• Cajas Negras

https://twitter.com/tictoc/status/1128650852003086336?s=12


Algorithm
Watch

Content
Production Processes

Governments

Corporations

Analytics
News Gathering

Production
Distribution



What role does AI already play in journalism?

• AI as the object of investigative reporting (aka algorithms deployed 
by Government or corporations)

• AI as a tool for producing original editorial content

• AI solutions to optimize newsroom processes (news gathering, 
analytics, production, distribution)



What influence does it have on reporting 
and journalistic formats?

• Super powers for “impossible” projects

• Collaboration internal and/or external

• Eg. Audio / Video transcriptions, translations, 
summarizations, image recognition



Notas del ponente
Notas de la presentación
Sarah Wysoski, a teacher who was fired from a Washington, D.C. school, due to the result of an algorithm calculation.In 2007, the new city administration in Washington, D.C. hired a consultant to develop a system to measure math and language teaching skills in the public schools.The composition the algorithm used to grade the teachers was not publicly available. This is a typical system known as a “black box.” Ideally, the input data would include reviews from school administrators, the community, and students’ performances on standardized tests.In 2010–2011, Sarah scored at the bottom 2% of the teacher rankings, which led to her being fired from the D.C. district school.She couldn’t understand how she found herself in this situation; she was always a valued teacher in the community, and there was no formal procedure to appeal the system’s decision.To make a long story short, it appears the algorithm may have been fed fraudulent data. Suspiciously, bonuses were involved for teachers and school administrators whose students outperformed their peers from other district schools. A previous teacher could have cheated on her students’ scores to make them seem overqualified. When Sarah graded them on the basis of their real performances, the average results sank, in the year to year comparison.

https://www.washingtonpost.com/local/education/creative--motivating-and-fired/2012/02/04/gIQAwzZpvR_story.html




joufnzlxim ai

https://www.lighthousereports.com/investigation/suspicion-machines/


Speech to text
Audio to lead

Vision Listen Read Move Think

Notas del ponente
Notas de la presentación
ILLUS



no me deja pegar las de nisman, son 2





https://www.instagram.com/p/CE10VHOFFnl/








https://www.blog.google/technology/ai/fight-against-illegal-deforestation-tensorflow/


https://rfcx.org/


https://rfcx.org/


Link 

Link

Notas del ponente
Notas de la presentación
We also captured and stored TV spots and videos posted on Youtube, using Google’s Speech-to-text API to transcript the audio content of these videos to text. By the end of the first round campaign, we had transcripted more than 95 hours of videos. With this huge dataset, the second challenge was to give sense for all this information. We decided to use topic modeling to help us to reach a precise overview of the entire campaign. By solving these two big challenges, we were able to categorize a whole presidential race, week by week, something barely unique in both journalism and political science.Source and methodologyStarting from early August, we collected content produced and released by each campaign for the presidential office. Initially, the only content available was the speeches delivered by each candidate on their respective parties convention that confirmed their bids and letters of proposal delivered by each campaign. On August 16th, the official start of the presidential race, we started to collect the content produced and posted by each campaign on Facebook, Twitter and Youtube. On Facebook, only text content was collected, since the Facebook/Crowdtangle API does not allow for videos to be downloaded. We also recorded the content produced by campaigns for TV, which has to be broadcast by all TV outlets twice every day from Monday to Saturday, according to Brazilian electoral law. On a daily basis, a set of routines verified if new content was posted on each social media and downloaded any new content found. For video content, the audio was extracted and converted to text by communicating with Googleâ€™s Speech-to-text API. All content was stored in a single relational database, thus recording from which campaign it originated, when it was posted and in which medium. Every week, on Mondays, we would query the database for content produced in the past week. We then cleaned the text, stripping punctuation marks and stopwords. The remaining text was then stemmed, thus reducing each word to a radical. In order to measure the prevalence of different subjects on each campaign output, we used topic modelling, which finds groups of radicals that occur close to each other more frequently and estimate the proportion of each of the groups on any text source. We considered that each group found is a different subject and classified these groups based on the radicals the model associated in each group and on text samples. The model output was organized into infographics to facilitate readership comprehension, and we also wrote short texts highlighting the main findings. On each publication (on every Thursday from the beginning of the campaign until the last week), we would only show our findings for the top five candidates, according to the most recent poll available.

https://www1.folha.uol.com.br/poder/2018/10/veja-o-que-os-candidatos-mais-falaram-na-campanha-presidencial-e-em-sp.shtml
https://temas.folha.uol.com.br/eleicoes-2018-em-graficos/campanha/o-que-falaram-os-candidatos-em-toda-a-campanha.shtml


Computer vision / 
Image recognition

Vision Listen Read Move Think

Notas del ponente
Notas de la presentación
ILLUS



Notas del ponente
Notas de la presentación
In addition to confirming the identity of a member, Who The Hill has helped The Times tell some stories we couldn’t have reported otherwise. Most recently, Rachel Shorey found members of Congress at an event hosted by a SuperPAC by trawling through images found on social media and finding matches.

https://open.nytimes.com/how-the-new-york-times-uses-software-to-recognize-members-of-congress-29b46dd426c7
https://open.nytimes.com/how-the-new-york-times-uses-software-to-recognize-members-of-congress-29b46dd426c7


Using four video cameras and an 

application developed by Microsoft, 

Estadao analyzed the facial 

expressions of Brazil's presidential 

candidates during a presidential 

debate. The system could 

recognize neutrality, joy, sadness, 

anger, surprise, contempt, disgust, 

and fear.

Body language analysis





Collaboration for 
computer vision &
satellite imagery



https://medium.com/radiant-earth-insights/observing-the-earth-fueling-global-development-solutions-1c69fd5632bc


https://texty.org.ua/d/2018/amber_eng/




https://armando.info/la-mineria-ilegal-monto-sus-bases-aereas-en-la-selva/


https://armando.info/la-mineria-ilegal-monto-sus-bases-aereas-en-la-selva/


Working our way through...

Fig. 1 (up) our team over zoom 
during our annota tion  m ara thon  
Fig. 2 (be low) Annota tion  ta sk se tup  
on  Ground Work



https://aiforsocialgood.github.io/2018/pdfs/track1/80_aisg_neurips2018.pdf

Witnessing atrocities: quantifying villages destruction in Darfur with 
crowdsourcing and transfer learning

https://aiforsocialgood.github.io/2018/pdfs/track1/80_aisg_neurips2018.pdf


Link Link

https://news.stanford.edu/2019/04/08/machine-learning-can-help-environmental-regulators/
http://web.stanford.edu/group/deepsolar/home


Collaboration for 
Computer Vision & 

Elections Transparency











Notas del ponente
Notas de la presentación
We also converted pixels from the RGB (Red, Green, Blue) model to a gray scale. As a result, we obtained a unique value that only varied its intensity from black to white.We also used an algorithm to soften the drawings of a signature to avoid false positives of possible missing signatures when the ink used was not dark enough for a definition.





Link

https://blogs.lanacion.com.ar/projects/data/elections-data/computer-vision-to-monitor-elections-transparency/






https://www.youtube.com/watch?v=nKvJX_N75Go&t=167s






Telegramas BAUFST





AC / DC



IA Generativa



Slides

Video

https://www.journalismfestival.com/programme/2023/generative-ai-in-the-newsroom
https://docs.google.com/presentation/d/15nFY6CcFy3GbcgKZiYC8V71YcdTXe9SM/edit?usp=sharing&ouid=102805062039605975692&rtpof=true&sd=true
https://www.journalismfestival.com/programme/2023/generative-ai-in-the-newsroom




What is Generative AI?
“Generative AI refers to technology that 

can create new content (text, images, 
audio, video, etc.) based on the content it 

was trained on.”



Nick Diakopoulos at Northwestern University 

https://www.journalismfestival.com/programme/2023/generative-ai-in-the-newsroom


Nick Diakopoulos: News Discovery

https://www.journalismfestival.com/programme/2023/generative-ai-in-the-newsroom


N. Diakopoulos: Audience-oriented Paper Summarization





Notas del ponente
Notas de la presentación
https://gizmodo.com/ai-midjourney-image-art-amnesty-international-colombia-1850393124



https://www.blind-magazine.com/stories/how-ai-imagery-is-shaking-photojournalism/?fbclid=IwAR2R_h2pj861Un8X6dLqB3fj4uKguW_oFvuEQg1SoMS5rNf2D7gb34oZVuI


https://www.instagram.com/p/CrEW-bevVWq/?igshid=ZTE2MDY0MWU%3D


Generative AI 
and Journalism

Jonathan Stray
Center for Human-Compatible AI, UC 
Berkeley
2023-5-7



LLMs Will Invent What They Don’t Know (“Hallucinate”) 

None of these 
links are real!

Notas del ponente
Notas de la presentación
https://futurism.com/cnet-ai-errors





https://www.theguardian.com/commentisfree/2023/apr/06/ai-chatgpt-guardian-technology-risks-fake-article


Advanced Document Summarization

Telsa March 2023 Quarterly report (38 pages)

Notas del ponente
Notas de la presentación
https://ir.tesla.com/_flysystem/s3/sec/000095017023013890/tsla-20230331-gen.pdf



chatpdf.com



Data Cleaning

Prompt used:

Create a three-column table with the first 
date, last date, and job description for each 
line of text below. Treat each line as a row. 
If there is no date or job description, leave 
the column blank.

Use this format:

first date | last date | job description

Getting tabular data from unstructured text with GPT-3: an ongoing experiment, Roberto Rocha, 2022

Notas del ponente
Notas de la presentación
https://robertorocha.info/getting-tabular-data-from-unstructured-text-with-gpt-3-an-ongoing-experiment/



Prompt used:

Create a gif of a map of the 
lighthouse locations from this CSV, 
where the map is very dark but 
each lighthouse twinkles.

Uploaded a CSV file, downloaded a GIF.

“Code Interpreter” plugin connects GPT to Python, 
allows file upload and download

https://twitter.com/emollick/status/1653451648826757121

Notas del ponente
Notas de la presentación
https://twitter.com/emollick/status/1653451648826757121



Leaked 
screenshots
Starting point was 
60 raw screenshots 
of correspondence 
in Croatian 



Transcribe and 
translate
Transcribe screenshots using 
Google Translate image 
analysis to enable text 
translation

Turned 1-2 days labour into an 
hour's work



Turning sheets 
into maps
● Messages described group sizes, 

nationality and villages

● Found coordinates for the villages 
mentioned but these weren't separated 
in the spreadsheet

● Used Chat GPT to write the Google 
Sheet commands to separate Lat/Lon 



Final product

Then we were able to create a 
GeoJson file of the 
coordinates and group size 
variable, and bring it into 
QGIS on this map



Current use 
cases
Using Chat GPT to formulate 
search terms for social media 
sourcing in unfamiliar 
languages

Sharpening image (Right) to 
see the word “Layla” clearly and 
thus being able to identify the 
ship using AI tool (Topaz labs)



https://generative-ai-newsroom.com/decoding-bureaucracy-5b0c1411171


Gestión de datos



https://lab.imedd.org/en/pos-analyoume-tis-proeklogikes-omilies-ton-politikon-archigon/










CHAT GPT / DALL  - E & Co Resumen

• Modelos estadísticos muy potentes.

• IA GenerativaI (texto, audio, imágenes, video)

• LLM: Large Language Model : Es un motor de predice próxima palabra 

• Knowledge Creative vs Máquina de lenguaje (resumenes, titulares, etc) 

• Alucinaciones. Errores. Copyright. Sesgo



Colaboración, colaboración, 
colaboración



LA NACION telegramas electorales

Notas del ponente
Notas de la presentación
ES SEPARADOS IGUAL QUE LOS ROSA



Link

https://www.lanacion.com.ar/tecnologia/inteligencia-artificial-mapear-parques-solares-argentina-nid2370879
https://www.lanacion.com.ar/tecnologia/inteligencia-artificial-mapear-parques-solares-argentina-nid2370879




Financiamiento y otros apoyos



https://pulitzercenter.org/ai-accountability-network






https://www.journalismfund.eu/


https://ejc.net/funding




Training & Lecturas



https://www.lse.ac.uk/media-and-communications/polis/JournalismAI/Academy


https://journalismcourses.org/


https://generative-ai-newsroom.com/


Manos a la obra
Preguntas disparadoras



1. ¿Qué proyecto crees que tendría una mejor recepción interna? ¿Utilizar herramientas de 
inteligencia artificial para informar sobre qué tipo de historias? ¿Cómo inicias la conversación 
dentro de tu sala de redacción? ¿Quiénes deben formar parte de la(s) reunión(es) inicial(es)?

2. ¿Qué habilidades posee el equipo que pueden ayudar a alcanzar su objetivo? ¿Qué papel 
desempeñarás tú? ¿Qué otros roles y habilidades necesitarán? ¿Cómo reunirán las habilidades 
que necesitan? ¿Alguien en su equipo puede recibir capacitación para adquirir esas 
habilidades? ¿Para cuáles necesitarán un consultor externo o colaboración? Deberán 
presupuestar.

3. ¿Qué oportunidades ves para colaborar con universidades, empresas de software, ONGs u 
otras entidades? ¿A quiénes te gustaría invitar a participar?

4. ¿Qué tipo de información será necesaria para el proyecto? ¿Fuentes? ¿Necesitarán realizar 
solicitudes de acceso a la información pública? ¿Descargarán datos de portales? ¿Realizarán 
raspado de datos? ¿Construirán desde cero? ¿Otros recursos? ¿Formatos? Piensen en 
diferentes posibilidades, como texto, audio, video, imágenes, imágenes satelitales, mapas, 
sensores, etc.



¡Gracias!
Por Florencia Coelho (@fcoel /@LNdata)
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